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ABSTRACT

This study investigates the impact of Al-powered product recommendation strategies on consumer
impulse buying behavior within e-commerce platforms, focusing on the Generation Z market segment
in Indonesia. As online retail continues to expand, platforms increasingly rely on artificial
intelligence to personalize shopping experiences. This research addresses a gap in understanding
how multiple integrated marketing elements—credibility, surprise, involvement, visual appeal, and
personalization—influence unplanned consumer purchases in a rapidly evolving digital context.
Using a quantitative correlational approach, data were collected from 100 Generation Z online
shoppers through a structured questionnaire employing a 5-point Likert scale. Statistical analysis
was conducted using SPSS version 26. The research included item validity testing (r count > 0.195),
internal reliability testing (Cronbach's Alpha > 0.70), and classical assumption tests including
normality, multicollinearity, and heteroscedasticity. The core analysis employed multiple regression
to determine the individual and collective impact of each variable on impulse buying behavior. All
five variables were found to significantly influence consumer behavior, with surprise (t = 3.201, p <
0.01) emerging as the strongest predictor, followed by involvement (t = 2.879, p < 0.01),
personalization (t = 2.519, p < 0.05), credibility (t = 2.143, p < 0.05), and visual appeal (t = 1.983,
p < 0.05). The overall model was statistically significant (F = 9.643 > F-table = 2.31, p < 0.01),
confirming the combined effect of these marketing elements on impulse buying. The study contributes
to the theoretical development of social commerce by empirically validating the behavioral influence
of Al recommendations, offers practical guidance for optimizing personalization strategies in digital
marketing, and provides region-specific insights into Indonesian consumer behavior. These findings
establish a foundation for future research on ethical and technological advancements in Al-driven
consumer engagement.
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1. INTRODUCTION

The digital revolution has radically transformed the global retail landscape. Over the last two
decades, the proliferation of e-commerce has shifted consumer habits from in-store shopping to the
convenience of online platforms. With this shift has come a parallel evolution in marketing strategies,
particularly those leveraging artificial intelligence (AI). Among the most impactful innovations in
digital marketing are Al-powered product recommendation systems. These intelligent tools do not
merely assist users in decision-making but actively shape their purchasing behavior by offering
tailored suggestions in real time. The prevalence of these systems has raised significant questions
regarding their role in influencing consumer choices, especially unplanned purchases, commonly
referred to as impulse buying.
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Impulse buying behavior, traditionally observed in physical retail settings through
mechanisms like product placement, store ambiance, and limited-time offers, has found a digital
counterpart in e-commerce platforms (Tan & Alexia, 2025; Wigayha et al., 2025; Winata & Arma,
2025). Online platforms now replicate these triggers via personalized suggestion algorithms, scarcity
cues, and urgency-inducing pop-ups. Al-powered recommendations, in particular, have become an
instrumental part of this landscape. These systems analyze vast datasets—from user browsing history
to demographic and psychographic data—to predict and suggest products that consumers are likely
to purchase spontaneously (Ingriana, 2025; Widjaja, 2025; Zahran, 2025). As platforms race to refine
these algorithms to increase user engagement and revenue, an important behavioral shift is occurring:
Al systems are increasingly influencing not just what people buy but also how and why they buy.

The growing sophistication of Al systems and their widespread application in retail interfaces
have prompted numerous studies on the broader implications of Al in consumer behavior (Judijanto
et al., 2024; Rolando & Sunara, 2024; Tanuwijaya et al., 2024). One such study by Sands et al. (2022)
examined the use of Al in influencer marketing, revealing how consumers often fail to distinguish
between algorithm-generated recommendations and organic social influence, ultimately leading to
heightened impulsive purchase decisions. Their findings suggest that Al doesn't just deliver
recommendations; it shapes perceptions, emotional reactions, and trust in the source of the suggestion
(Sands et al., 2022). Similarly, Raji et al. (2024) provided a comprehensive review of the evolution
of consumer behavior in e-commerce, concluding that personalized Al suggestions often reduce
cognitive friction, making it easier for consumers to make rapid decisions, sometimes without full
deliberation. However, their work remained largely theoretical, lacking a focused investigation into
the specific domain of impulse buying (Raji et al., 2024).

Babatunde and Odejide (2024) highlighted how Al is redefining the personalization of digital
marketing. Their study discussed how dynamic personalization increases engagement, but they also
raised concerns regarding over-personalization, where consumers may feel manipulated or
overwhelmed by constant Al-driven stimuli. This insight is particularly relevant to impulse buying
behavior, which is often triggered in emotionally charged or high-stimulation environments (Rolando
et al., 2024; Wijaya et al., 2024). Yet, their study did not directly link personalization features with
spontaneous purchasing outcomes. On a similar note, Bhagat et al. (2022) investigated the impact of
Al on retail decision-making, identifying several behavioral changes in consumers, including reduced
decision latency and increased frequency of smaller, spontaneous purchases. However, the research
emphasized system efficiency and user satisfaction rather than behavioral consequences like impulse
buying (Bhagat et al., 2022).

A more design-oriented angle was taken by Yim et al. (2023), who investigated how cuteness
and emotional attachment to Al interfaces influence purchasing behavior. They found that
emotionally designed Al avatars—particularly those incorporating cute features—evoked stronger
buyer attachment and higher conversion rates. Although the study focused more on aesthetic and
emotional appeal, it contributes to understanding the subtleties through which Al recommendation
interfaces might facilitate impulsive decisions (Yim et al., 2023).

From this survey of recent literature, it becomes evident that while the influence of Al on
consumer engagement and personalization is well-documented, there is a significant research gap
regarding its specific impact on impulse buying behavior. Most of the aforementioned studies deal
with personalization, interface design, or trust in Al, but do not explicitly or empirically connect these
variables to the psychological and behavioral aspects of impulsive purchasing. There remains a lack
of integrated research that combines Al technical features (e.g., algorithm transparency, user data
usage) with behavioral outcomes (e.g., frequency and magnitude of impulse purchases) (Maha et al.,
2024; Rolando, 2024). This study is positioned to fill that gap by offering a targeted exploration of
how Al-powered product recommendations may act as a digital trigger for impulse buying in online
shopping environments. The core research problem this study seeks to address is: To what extent do
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Al-powered product recommendation systems influence impulse buying behavior among online
shoppers, and through what psychological mechanisms does this influence operate? In line with this
central question, the research objectives are threefold: (1) to analyze how different Al
recommendation strategies (collaborative filtering, content-based filtering, hybrid approaches) affect
spontaneous buying decisions; (2) to assess user perceptions and trust levels in Al recommendations,
and how these perceptions mediate impulse behavior; and (3) to explore contextual factors such as
time pressure, emotional state, and device usage that may moderate the relationship between Al
recommendation exposure and impulse buying.

Understanding these dimensions is not only academically relevant but also practically urgent.
As Al continues to evolve, its integration into commercial platforms is becoming more seamless and
less visible. Recommendation engines today are deeply embedded into user interfaces (Mulyono,
Ingriana, et al., 2024; Rahardja et al., 2024). Operating with a degree of autonomy and opacity that
makes it difficult for users to discern when they are being subtly nudged toward certain decisions
(Wigayha et al., 2024). This raises ethical questions about digital autonomy, consumer consent, and
the potential for manipulation in online spaces. Furthermore, from a business perspective,
understanding the fine line between helpful personalization and manipulative persuasion can help
companies design better, more responsible systems that align user satisfaction with long-term loyalty
rather than short-term conversion rates (Ingriana, Chondro, et al., 2024; Mulyono, Hartanti, et al.,
2024; Rolando & Ingriana, 2024).

The solution this research offers is a multidimensional analysis that goes beyond surfacelevel
behavioral patterns. By employing both quantitative data (e.g., user clickstreams, conversion
analytics, A/B testing) and qualitative data (e.g., interviews, focus groups), the study aims to unpack
the mechanisms by which Al recommendations affect decision-making. It introduces a conceptual
framework that integrates theories of impulse buying with Al-system design principles—proposing,
for example, that systems which adapt based on emotional cues or real-time behavior are more likely
to provoke unplanned purchases. This novel intersection of behavioral science and Al system analysis
represents the state of the art in consumer research, positioning the study at the frontier of digital
marketing scholarship.

The contribution of this study is twofold. Theoretically, it advances the literature on impulse
buying by incorporating Al as a dynamic behavioral influencer, rather than merely a technical tool.
It also offers an updated behavioral model that considers how real-time algorithmic suggestions
interact with individual psychological states to produce spontaneous purchase outcomes. Practically,
the research offers actionable insights for digital marketers, UX designers, and platform architects
seeking to optimize recommendation systems ethically. It also serves as a foundation for policy
discussions around Al transparency, digital nudging, and consumer protection in the e-commerce
domain. This research is timely, relevant, and critical. As Al continues to permeate our digital lives,
the need to understand its behavioral consequences becomes ever more pressing (Ingriana, Gianina
Prajitno, et al., 2024; Putri & Setiawan, 2025; Rolando et al., 2025). This study does not merely ask
whether Al influences buying behavior—it asks how, when, and why. By doing so, it aims to
illuminate the invisible architecture of digital choice and to help shape a future where intelligent
systems support, rather than exploit, the human decision-making process.

2. RESEARCH METHOD

This research adopts a quantitative research approach to examine the influence of
Alpowered product recommendations on impulse buying behavior among online shoppers.
The methodological framework is designed to ensure empirical rigor and clarity in
operationalizing variables, selecting representative samples, and testing the proposed
relationships statistically using SPSS version 26.
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The basic research framework applied in this study follows a correlational design,
wherein the influence of a single independent variable—Al-powered product
recommendations—is tested on a dependent variable—impulse buying behavior. This
framework facilitates the exploration of associative relationships between variables and
allows for hypothesis testing using inferential statistics. The research is explanatory in
nature, aiming to understand the extent to which Al recommendation systems serve as
triggers for unplanned purchasing decisions in digital contexts.

Figure 1. Conceptual Framework

1 Product Recommendations 1 Impulse Buying Beha'
(X) )

The conceptual framework of the study is structured based on existing literature on
digital marketing, artificial intelligence, and consumer psychology. Specifically, this
framework hypothesizes a linear relationship between the predictor variable (X) and the
outcome variable (Y). The independent variable, AI-powered product recommendations (X),
encompasses algorithm-generated suggestions based on user data. The dependent variable,
impulse buying behavior (Y), refers to spontaneous, emotionally driven, and unplanned
purchases made by consumers in online settings. The underlying hypothesis (H1) posits that
exposure to Al-driven product suggestions significantly influences the likelihood of impulse
purchases among digital consumers. This hypothesis is modeled as a simple linear regression
where:

Pl =a+ BIC + B2SP + B3] + B4V + B5L + &

In this equation, PI represents the consumer’s impulse buying intention, a is the
regression constant, C refers to perceived credibility of Al recommendations, SP denotes
surprise or novelty of the recommendation, I signifies involvement or relevance of the
recommendation to the user’s profile, V indicates visual and interface appeal, L refers to the
level of personalization, and & represents the error term. Each of these elements serves as
dimensions of the broader construct of Al-powered product recommendations, providing a
multidimensional understanding of how Al nudges user behavior.

As seen in Figure 1, the conceptual framework outlines a direct relationship between
the independent variable (Al-powered product recommendations) and the dependent variable
(impulse buying behavior), guided by the hypothesis H1. The direction of the relationship
assumes a positive association, suggesting that more personalized and sophisticated Al
recommendations are likely to increase the propensity for impulse purchases.

To test this relationship empirically, the study will employ a survey method using a
structured questionnaire distributed to a sample of online shoppers in Indonesia aged 18 to
45 years. Respondents will be recruited using a non-probability purposive sampling
technique based on criteria such as frequency of online shopping and exposure to Al
recommendations (e.g., through platforms like Shopee, Tokopedia, or Lazada). The
minimum required sample size will be determined using the Lemeshow formula for
crosssectional studies:
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n=2%a/*p*(l-p)/d?

Assuming a confidence level of 95% (Z = 1.96), an estimated proportion of 0.5 (p =
0.5, for maximum variability), and a precision level (d) of 0.05, the sample size calculation
is as follows: n = (1.96)> * 0.5 * (1 - 0.5) / (0.05)* = 384.16

Thus, a minimum of 385 respondents will be targeted to ensure generalizability and
statistical power. Additional participants will be included to account for potential
nonresponses or incomplete submissions.

The hypothesis tested in this research is as follows: HI1: Al-powered product
recommendations have a significant positive influence on impulse buying behavior among
online shoppers.

To ensure clarity and consistency in measuring constructs, the study employs
operational definitions based on prior literature and validated measurement scales. Table 1
presents the operational definitions, indicators, and the scale used for each variable.

Table 1. Operational Definitions of Variables

Variable Operational Indicators Measurement Scale
Definition

Al-Powered Product  The Credibility (C),  5-point Likert Scale (1

Recommendations (X) algorithmgenerated  Surprise (SP), = Strongly Disagree to
suggestions Involvement (I), 5 = Strongly Agree)
presented to online  Visual Design
users based on V),
prior browsing, Personalization
purchase, and (L)

demographic data.

Impulse Buying
Behavior (Y)

Unplanned,
Sspontaneous
purchases made
without pre-
shopping
intentions, often
influenced by
emotional triggers.

Sudden urge, lack 5-point Likert Scale (1
of deliberation, =

positive emotion  Strongly Disagree to 5
post-purchase =

Strongly Agree)

Prior to full deployment, a pilot test will be conducted with 30 respondents to test the

reliability and validity of the questionnaire. The validity test will utilize Pearson’s
correlation, where the item is considered valid if the correlation coefficient (r count) exceeds
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the critical value from the r-table at a = 0.05. Items that do not meet the threshold will be
revised or removed.

Reliability will be measured using Cronbach’s Alpha. A construct will be deemed
reliable if o > 0.70, indicating acceptable internal consistency. This test will be performed in
SPSS version 26. All measurement items for each variable will be assessed for internal
consistency before proceeding to hypothesis testing.

To ensure the assumptions for regression analysis are met, several diagnostic tests
will be conducted. The normality test will examine the skewness and kurtosis values of the
dependent variable distribution. Values within the range of -2 to +2 will be considered
acceptable for assuming normality. This assessment will be done using SPSS descriptive
statistics and histograms.

Next, heteroscedasticity will be evaluated using scatterplot analysis. A random and
even spread of residuals around zero in the scatterplot indicates the absence of
heteroscedasticity. If patterns or funnel shapes are observed, remedial measures such as log
transformation may be considered.

Multicollinearity will be tested using the Variance Inflation Factor (VIF) and
Tolerance values. In SPSS, a VIF value below 10 and a tolerance value above 0.10 will be
used as indicators of no serious multicollinearity among predictor variables. These statistics
help ensure that each independent variable contributes uniquely to explaining the variance
in the dependent variable.

To test the main hypothesis, a multiple linear regression will be conducted in SPSS
version 26. This model estimates the strength and significance of the relationship between
Al-powered product recommendations and impulse buying behavior while controlling for
the individual contribution of each indicator (C, SP, I, V, L). The partial eftfect of each
variable will be analyzed using t-tests, which assess whether each independent variable
significantly influences the dependent variable at o = 0.05. Variables with p-values less than
0.05 will be considered statistically significant.

The simultaneous effect of all independent variables will be tested using the F-test,
which examines the overall significance of the regression model. An F-statistic with a pvalue
below 0.05 will indicate that the set of predictors collectively influences impulse buying
behavior.

The data collected will be cleaned and screened for missing values or inconsistent
responses. Outliers and influential cases will be identified using Cook’s Distance and
Mahalanobis Distance, as provided in SPSS regression diagnostics. Any anomalies that could
distort the results will be evaluated carefully for removal.

Ethical considerations will be strictly observed throughout the research. Participation
will be entirely voluntary, and all respondents will be assured of anonymity and
confidentiality. Consent will be obtained digitally before survey responses are accepted.

By grounding the methodology in robust statistical procedures and aligning the
measurement of constructs with validated scales, this study aims to provide a comprehensive
and empirically supported understanding of the behavioral influence of Al-powered product
recommendations. The use of SPSS version 26 for all statistical analyses ensures reliability,
replicability, and transparency in data handling and interpretation. Through this
methodology, the research aspires to contribute substantively to the fields of marketing
analytics, digital consumer behavior, and artificial intelligence applications in commerce.
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3. RESULTS AND DISCUSSION
3.1 Results

The data for this study were collected through an online questionnaire distributed to
respondents who met several predetermined inclusion criteria. A total of 100 valid responses
were obtained and used for statistical analysis using SPSS version 26. All participants
fulfilled the eligibility requirements, which included being between the ages of 18 and 45,
having prior experience as frequent online shoppers, being exposed to Al-powered product
recommendations on e-commerce platforms, and having completed the questionnaire
without any missing data. As shown in the respondent criteria table, every individual in the
sample qualified for inclusion in the analysis.

Table 2. Respondent Criteria

Criteria Met Criteria
Age (18-45) Yes
Frequent online shopper Yes
Exposed to Al recommendations Yes
Completed questionnaire fully Yes

To ensure the integrity of the instrument, validity and reliability tests were conducted
prior to hypothesis testing. The validity test employed Pearson's product-moment correlation.
Each item measuring the constructs—credibility (C), surprise (SP), involvement (I), visual
interface (V), personalization (L), and impulse buying behavior (IB)—was tested to
determine whether it met the minimum criterion for correlation significance. With a sample
size of 100, the critical value of the r-table was 0.195 at a significance level of 5% (a = 0.05).
All items recorded r count values ranging from 0.581 to 0.698, exceeding the rtable value
and thus confirming item validity. These results indicate that each questionnaire item was
significantly correlated with the total construct score, ensuring content and construct validity.

Table 3. Validity Test
Item r_count r_table Valid
Cl 0,642 0,195 Yes
SP1 0,581 0,195 Yes
I1 0,604 0,195 Yes
Vi 0,698 0,195 Yes
L1 0,612 0,195 Yes
IB1 0,667 0,195 Yes

Subsequent reliability testing was performed using Cronbach’s Alpha to assess
internal consistency. The Al-powered product recommendation construct yielded a
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Cronbach’s Alpha value of 0.832, while the impulse buying behavior construct scored 0.785.
Both values are above the conventional threshold of 0.70, indicating a high degree of
reliability and consistency among the items used to measure each construct. This finding
further reinforces the credibility of the instrument used in this study.

Table 4. Reliability Test

Variable Cronbach_Alpha Reliable
Al-Powered
Recommendations 0,832 Yes
Impulse Buying
Behavior 0,785 Yes

To verify the assumption of normality required for linear regression analysis,
skewness and kurtosis tests were conducted. For the Al recommendation variable, skewness
was recorded at -0.415, while kurtosis was 1.867. Similarly, impulse buying behavior
demonstrated a skewness value of -0.202 and kurtosis of 2.173. Both skewness values fell
within the accepted range of -2 to +2, and kurtosis values were well within the acceptable
range of -7 to +7, confirming that the data distribution was approximately normal and met
the assumptions necessary for further analysis using parametric tests.

Table 5. Normality Test

Variable Skewness Kurtosis Normal
Al Recommendations -0,415 1,867 Yes
Impulse Buying Behavior ~ -0,202 2,173 Yes

Heteroscedasticity was examined using scatterplot residual analysis. The resulting
plot revealed a random and symmetrical distribution of residuals around the zero point
without any apparent patterns or funnel shapes, suggesting the absence of heteroscedasticity.
This result supports the assumption of homoscedasticity in the regression model, validating
the suitability of multiple linear regression for hypothesis testing.

Table 6. Multicollinearity Test

Variable Tolerance VIF Multicollinearity
C 0,822 1,216 No
SP 0,754 1,326 No
I 0,809 1,235 No
v 0,835 1,197 No
L 0,791 1,264 No

Multicollinearity was then tested to ensure that independent variables did not exhibit
excessively high inter-correlations that could bias the regression results. Tolerance values for
all predictor variables (C, SP, I, V, L) ranged between 0.754 and 0.835, while VIF values
were between 1.197 and 1.326. All tolerance values exceeded the minimum threshold of
0.10, and all VIF values remained below the critical limit of 10. These results confirm that
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multicollinearity was not a concern in the regression analysis, and that each independent
variable contributed uniquely to explaining the variance in the dependent variable.

Following assumption testing, a multiple linear regression analysis was conducted to
assess the impact of each dimension of Al-powered product recommendations on impulse
buying behavior. The regression equation estimated was:

Pl=a+ pIC + B2SP + B3I + p4V + B5L + &

Where PI refers to impulse buying behavior and C, SP, I, V, and L represent
credibility, surprise, involvement, visual design, and personalization, respectively. The
partial effect of each variable was tested using a t-test. With a degree of freedom of 99 and a
= (.05, the critical t-table value was 1.660. The t-test results showed that all variables were
statistically significant, with t-count values of 2.143 (C), 3.201 (SP), 2.879 (I), 1.983 (V),
and 2.519 (L), each exceeding the critical threshold. This indicates that all five indicators
significantly influence impulse buying behavior individually.

Table 7. T-Test
Variable t_count t_table Significant
C 2,143 1,66 Yes
SP 3,201 1,66 Yes
I 2,879 1,66 Yes
v 1,983 1,66 Yes
2,519 1,66 Yes

The simultaneous effect of all variables was examined through an F-test. The
regression model yielded an F-count of 9.643. Given that the F-table value at df = (5; 94) is
2.31, the result indicates that the model is statistically significant at the 5% level. Hence, the
independent variables, when considered together, exert a significant collective impact on the
dependent variable.

Table 8. F-Test
F_count F_table Significant F_count

9,643 2,31 Yes 9,643

3.2 Discussion

Turning to the discussion of these findings, each hypothesis is evaluated individually
in light of the statistical results and supported by relevant literature. The first indicator,
credibility (C), significantly influences impulse buying behavior, suggesting that consumers
are more likely to act impulsively when they perceive Al recommendations as credible and
trustworthy. This is in line with Kim et al. (2021), who found that trust in Al precision
increases user reliance on recommendations. Consumers may suspend critical thinking when
the system appears competent, thereby facilitating spontaneous purchases.

The second indicator, surprise (SP), emerged as the most influential variable, with
the highest t-count of 3.201. This finding implies that unexpected or novel recommendations
stimulate curiosity and emotional arousal, which are known triggers of impulse buying.
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Similar findings were reported by Sands et al. (2022), who argued that novelty in Al-driven
content enhances consumer engagement and decision urgency. In digital settings where users
are constantly bombarded with options, the element of surprise becomes a key differentiator
and emotional stimulus.

The third variable, involvement (I), also demonstrated a strong positive influence on
impulse buying, as reflected in a t-count of 2.879. When recommendations are perceived as
relevant and aligned with consumer preferences, users are more likely to engage deeply and
respond emotionally. This supports the arguments of Raji et al. (2024), who noted that high
involvement mediates impulsivity by reducing cognitive barriers to action. Personalized
suggestions, when matched to user profiles, lower the resistance to purchase and accelerate
the decision-making process.

Visual appeal (V) registered a significant impact with a t-count of 1.983. While lower
than other variables, it still exceeded the critical value, indicating that the design and
interface through which recommendations are delivered matter to users. This aligns with the
research of Yim et al. (2023), who found that emotionally appealing Al interfaces, especially
those with “cuteness” and aesthetic appeal, contribute to consumer attachment and positive
affect, which in turn foster impulse behavior.

Finally, personalization (L) had a notable influence with a t-count of 2.519.
Personalized recommendations that reflect user behavior, history, and preferences are more
effective in generating emotional resonance and a sense of recognition. This echoes the
findings of Babatunde and Odejide (2024), who emphasized that perceived personalization
enhances consumer satisfaction and increases conversion rates, often through impulsive
responses.

Collectively, the F-test confirms that the combined effects of credibility, surprise,
involvement, visual appeal, and personalization significantly predict impulse buying
behavior. The model’s explanatory power underscores the role of Al not just as a passive tool
but as an active agent shaping behavioral outcomes. The variable with the highest
influence—surprise—suggests that novelty, more than familiarity, drives online impulse
purchases in Al-enhanced environments.

The practical implications of these findings are significant for digital marketers and
platform designers. E-commerce platforms should optimize their recommendation engines
not only for accuracy but for strategic novelty and visual engagement. At the same time,
ethical considerations must be taken into account to prevent manipulation and preserve
consumer autonomy. Transparency about how Al recommendations are generated can help
mitigate ethical concerns while sustaining user trust.

Theoretically, the findings contribute to the stimulus-organism-response (S-O-R)
framework by positioning Al recommendations as stimuli that affect the internal state
(emotions, cognition) of users, thereby influencing responses (buying behavior). This
supports the integration of Al into consumer psychology literature and reinforces the role of
digital nudges in behavioral economics.

However, the study is not without limitations. The sample was limited to 100
respondents, predominantly from a single geographic region, which may affect
generalizability. The study also relied on self-reported data, which may be subject to social
desirability bias. Future research should expand the sample size, incorporate cross-cultural
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perspectives, and explore longitudinal designs to assess long-term behavioral changes
influenced by Al

Future studies might also investigate the ethical boundaries of Al personalization or
explore how demographic factors such as age, gender, and digital literacy moderate the
influence of Al on impulse buying. Moreover, integrating physiological measures such as
eye tracking or biometric feedback could deepen the understanding of subconscious triggers
in Al-influenced decision-making.

In summary, this study confirms that Al-powered product recommendations
significantly influence impulse buying behavior among online shoppers. All examined
variables—credibility, surprise, involvement, visual appeal, and personalization—play a
role, with surprise emerging as the strongest predictor. These findings offer meaningful
insights for theory, policy, and practice, and open pathways for further research into ethical,
psychological, and technical dimensions of Al in consumer contexts.

4. CONCLUSION

This research examined the influence of Al-powered product recommendations on
impulse buying behavior among online shoppers, with a focus on multiple dimensions
including credibility, surprise, involvement, visual appeal, and personalization. The study
aimed to assess both individual and collective effects of these Al-driven marketing elements
using a quantitative approach and statistical analysis conducted in SPSS version 26. The
results confirmed that all proposed hypotheses were supported, demonstrating statistically
significant relationships between each independent variable and impulse buying behavior.
Among the tested variables, surprise (t = 3.201) emerged as the most influential factor,
followed by involvement (t = 2.879), personalization (t = 2.519), credibility (t = 2.143), and
visual appeal (t = 1.983), all exceeding the critical t-table value of 1.660. Furthermore, the
overall regression model was found to be significant with an F-count of 9.643, surpassing
the F-table value of 2.31, thus confirming the collective explanatory power of the model.

Theoretically, this study contributes to the growing literature on consumer behavior
in the context of social commerce and Al-driven personalization. By integrating Al
recommendation mechanisms within the framework of impulse buying psychology, the study
extends the application of the stimulus-organism-response (S-O-R) paradigm in digital
environments. It provides empirical support for the role of algorithmic stimuli in shaping
unplanned consumer behavior and highlights how specific design and personalization
elements can trigger emotional and cognitive responses leading to spontaneous purchases.
From a practical perspective, the findings offer valuable guidance to digital marketers and e-
commerce platform developers. Businesses can strategically design Al recommendation
systems to enhance elements such as novelty and relevance, which have been shown to
significantly influence impulse buying. The study also demonstrates the methodological
advantage of analyzing multiple marketing elements simultaneously rather than in isolation,
providing a more holistic view of AI’s role in consumer decision-making. Within the
Indonesian online shopping context, the research delivers novel insights into how local
consumer behavior responds to advanced personalization technologies, contributing to
regional knowledge on e-commerce dynamics.

Nevertheless, several limitations should be acknowledged. The study's sample was
limited to 100 respondents from a specific age group and geographical context, which may
affect the generalizability of the findings. Temporal constraints also limit the study's ability
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to capture changes in behavior over time. The reliance on self-reported data introduces the
potential for response bias, and the absence of additional variables such as product
categories, pricing sensitivity, and user platform preference may omit relevant contextual
influences. Additionally, as digital platforms evolve rapidly, the results may be affected by
subsequent technological or interface changes, reducing the long-term applicability of the
findings.

Building on these limitations, future research should consider conducting
crossdemographic and cross-cultural studies to examine how Al recommendations affect
impulse buying across different consumer groups. Longitudinal research could provide
insights into how the effectiveness of such recommendations changes over time, especially
as consumer familiarity with Al increases. Investigating moderating variables such as user
trust, digital literacy, and emotional state would enrich understanding of the mechanisms
through which Al influences buying decisions. Further studies could also contrast intention
with actual purchase behavior, potentially using experimental or behavioral tracking methods
to validate findings. Moreover, researchers should explore possible negative consequences
of overpersonalization, such as decision fatigue or perceived manipulation. With the
continued emergence of technologies such as generative Al and virtual reality in commerce,
future work could also examine their comparative or additive impacts on consumer
impulsivity.

In conclusion, this study provides a foundational understanding of how Al-powered
product recommendations, across multiple marketing dimensions, contribute to impulse
buying behavior in online retail. The results emphasize the need for a comprehensive
marketing strategy that considers both individual and synergistic effects of various
recommendation attributes. As Al technologies become more embedded in digital
commerce, understanding their psychological and behavioral consequences becomes
essential for crafting ethical, effective, and consumer-centric marketing approaches. This
research sets the groundwork for future explorations into the balance between
personalization, persuasion, and consumer autonomy in Al-driven environments.

REFERENCES

Alexis Yim, Annie Peng Cui, Michael Walsh (2023). The role of cuteness on consumer attachment to artificial intelligence
agents. Emerald. https://doi.org/10.1108/jrim-02-2023-0046

Ali Yazdani, Shoaleh Darbani (2023). The Impact of Al on Trends Design and Consumer Behavior. KMAN Publication
Incorporation. https://doi.org/10.61838/kman.aitech.1.4.2

Alshaf Pebrianggara, Muhammad Rizal Yulianto, Al Akbar Himawan (2024). THE ROLE OF ARTIFICIAL
INTELLIGENCE (AI) AND PRODUCT POPULARITY IN SHAPING CONSUMER BUYING BEHAVIOR ON
INDONESIAN E-COMMERCE PLATFORMS. Universiti Sains Islam Malaysia.
https://doi.org/10.33102/kq9kt433

Andrea Paesano (2021). Artificial intelligence and creative activities inside organizational behavior. Emerald.
https://doi.org/10.1108/ijoa-09-2020-2421

Behzad Foroughi, Bita Naghmeh-Abbaspour, Jun Wen, Morteza Ghobakhloo, Mostafa Al-Emran, Mohammed A. Al-
Sharafi (2025). Determinants of Generative Al in Promoting Green Purchasing Behavior: A Hybrid Partial Least
Squares—Artificial Neural Network Approach. Wiley. https://doi.org/10.1002/bse.4186

Bianca Kronemann, Hatice Kizgin, Nripendra P. Rana, Yogesh K. Dwivedi (2023). How Al encourages consumers to share
their secrets? The role of anthropomorphism personalisation and privacy concerns and avenues for future research.
Emerald. https://doi.org/10.1108/sjme10-2022-0213

Biyu Guan, Xin Li, Zhenshuo Luo, Pei Liu (2024). Can (A)I Arouse You? The Impact of Al Services on Consumer Pro-
Environmental Behavior. SAGE Publications. https://doi.org/10.1177/10963480241256602

Artificial Intelligence Research and Applied Learning | AIRA
https://journal.dinamikapublika.id/index.php/aira

12



https://journal.dinamikapublika.id/index.php/aira

7 \\ Vol. 2, No. 1, January 2023

AIRA AIRA: Artificial Intelhgenpe Resea'rch
ARTIFICIAL INTELLIGENCE RESEARCH and Applied Learning
AD APPLIED LEARNING https://journal.dinamikapublika.id/index.php/aira

Cihan Becan (2025). How Technology Readiness Influences Behavioral and Purchasing Intention:

Serial Multiple Mediating Role of Attitude toward Al and AI-Driven Consumer Chatbot Experience. Springer Science and
Business Media LLC. https://doi.org/10.21203/rs.3.rs6135960/v1

Cristobal Rodolfo Guerra-Tamez, Keila Kraul Flores, Gabriela Mariah Serna-Mendiburu, David Chavelas Robles, Jorge
Ibarra Cortés (2024). Decoding Gen Z: Al's influence on brand trust and purchasing behavior. Frontiers Media SA.
https://doi.org/10.3389/frai.2024.1323512

D. Agung Krisprimandoyo (2023). Optimizing Corporate Branding: The Role of Artificial Intelligence In Business
Transformation of IQOS. PT. Riset Press International. https://doi.org/10.59653/jimat.v2i01.482

Elizabeth A. Minton, Begum Kaplan, Frank G. Cabano (2022). The influence of religiosity on consumers' evaluations of
brands using artificial intelligence. Wiley. https://doi.org/10.1002/mar.21727

Emmanuel Mogaji, Varsha Jain (2024). How generative <scp>Al</scp> is (will) change consumer behaviour: Postulating
the potential impact and implications for research practice and policy. Wiley. https://doi.org/10.1002/cb.2345

Erik Hermann (2021). Anthropomorphized artificial intelligence attachment and consumer behavior. Springer Science and
Business Media LLC. https://doi.org/10.1007/s11002-021-09587-3

Gai Sin Liem, Loke Kean Koay, Padmathya A P Sanderan, Hui Ling Pong, Zi Ying Poon, Sahliny

A P Marimuthu, Aulia Purdiana Gisca, Mashi Gupta, M. Saxena, Daisy Mui Hung Kee (2023). Al-assisted Food Ordering
and Delivery Management System for KFC: Insights from Malaysia Indonesia and India. AIBPM Publisher.
https://doi.org/10.32535/jcda.v6i3.2540

George S. Spais, lan Phau, Varsha Jain (2023). <scp>Al</scp> marketing and <scp>AlI</scp>-based promotions impact
on consumer behavior and the avoidance of consumer autonomy threat. Wiley. https://doi.org/10.1002/cb.2248

HE Ai-zhong, Yu Zhang (2022). Al-powered touch points in the customer journey: a systematic literature review and
research agenda. Emerald. https://doi.org/10.1108/jrim-03-2022-0082

Haitao Wen, Lulu Zhang, Ao Sheng, Mingda Li, Bingfeng Guo (2022). From “Human-to-Human” to “Human-to-Non-
human” — Influence Factors of Artificial Intelligence-Enabled Consumer

Value Co-creation Behavior. Frontiers Media SA. https://doi.org/10.3389/fpsyg.2022.863313

Hao Zhang, Xiaofei Bai, Zengguang Ma (2022). Consumer reactions to Al design: Exploring consumer willingness to pay
for Al-designed products. Wiley. https://doi.org/10.1002/mar.21721

Hasan Beyari (2024). The effect of Al on pink marketing: the case of women’s purchasing behavior using mobile
applications. Frontiers Media SA. https://doi.org/10.3389/frai.2024.1502580

Jihyoung Chin, Chanwook Do, Minjung Kim (2022). How to Increase Sport Facility Users’ Intention to Use Al Fitness
Services: Based on the Technology Adoption Model. MDPI AG. https://doi.org/10.3390/ijerph192114453

Jodo M. Lopes, Lucy Silva, Ilda Massano-Cardoso (2024). Al Meets the Shopper: Psychosocial Factors in Ease of Use and
Their Effect on E-Commerce Purchase Intention. MDPI AG. https://doi.org/10.3390/bs14070616

Jungkeun Kim, Marilyn Giroux, Jacob C. Lee (2021). When do you trust AI? The effect of number presentation detail on
consumer trust and acceptance of Al recommendations. Wiley. https://doi.org/10.1002/mar.21498

Ka Wing Chan, Felix Septianto, Junbum Kwon, Revathi Sridhar Kamal (2023). Color effects on Al influencers’ product
recommendations. Emerald. https://doi.org/10.1108/ejm-03-2022-0185

Kamrul Hasan Bhuiyan, Selim Ahmed, Israt Jahan (2024). Consumer attitude toward using artificial intelligence (AI)
devices in hospitality services. Emerald. https://doi.org/10.1108/jhti-082023-0551

Khansa Zaman (2022). Transformation of Marketing Decisions through Artificial Intelligence and Digital Marketing. Coral
Publications Coral Research and Education Systems. https://doi.org/10.52633/jms.v4i2.210

Kishore Kunal (2023). AN EXPLORATORY STUDY ON THE COMPONENTS OF AI IMPACTING CUSTOMER
RETENTION IN TELECOM INDUSTRY. Science Research

Society. https://doi.org/10.52783/11j.v11i55.950

Li Li, Dhakir Abbas Ali, Yuanting Guo (2024). The Impact of Data-Based Boosting on User ClickThrough Intention Under
Al Personalized Recommendations. IOS Press. https://doi.org/10.3233/atde231342

Maria Nascimento CUNHA, Manuel Sousa Pereira, Antéonio Cardoso, Jorge FIGUEIREDO, Isabel Oliveira (2024).
REDEFINING CONSUMER ENGAGEMENT: THE IMPACT OF AI AND MACHINE LEARNING ON
MARKETING STRATEGIES IN TOURISM AND HOSPITALITY. Asociatia de Geografie Turism si Sport.
https://doi.org/10.30892/gtg.532141226

Marilyn Giroux, Jungkeun Kim, Jacob C. Lee, Jongwon Park (2022). Artificial Intelligence and

Declined Guilt: Retailing Morality Comparison Between Human and Al. Springer Science and Business Media LLC.

https://doi.org/10.1007/s10551-022-05056-7




Volume 2 Issue 1 (2023)

AI-POWERED PRODUCT RECOMMENDATIONS AND THEIR ROLE IN STIMULATING IMPULSE
BUYING AMONG ONLINE SHOPPERS
Author

Meenakshi Sharma, Hinika Shail, Pramod Kumar Painuly, A. V. Senthil Kumar (2023). Al-Powered Technologies Used in
Online Fashion Retail for Sustainable Business. IGI Global.

https://doi.org/10.4018/979-8-3693-0019-0.ch028

Min Qin, Wei Zhu, Shiyue Zhao, Zhao Yu (2022). Is Artificial Intelligence Better than Manpower?

The Effects of Different Types of Online Customer Services on Customer Purchase Intentions. MDPI AG.
https://doi.org/10.3390/su14073974

Mohamad Fariz Abdullah, Muhamad Azman Ibrahim, Azlin Zanariah Bahtar, Noor Rita Mohamad Khan (2024).
Conceptualizing the Implications of Artificial Intelligence (AI) Tools and

Personalization Marketing on Consumer Purchase Intention: Insights from the Malaysian ECommerce Market. AMH
International Conferences and Seminars Organizing LLC. https://doi.org/10.22610/imbr.v16i3s(i)a.4145

Muhammad Shoaib Farooq, Yuen Yee Yen (2024). Artificial Intelligence in Consumer Behaviour:

A Systematic Literature Review. Research Square Platform LLC. https://doi.org/10.21203/rs.3.rs-
3875906/v1

Mustafa Ayobami Raji, Hameedat Bukola Olodo, Timothy Tolulope Oke, Wilhelmina Afua Addy, Onyeka Chrisanctus
Ofodile, Adedoyin Tolulope Oyewole (2024). E-commerce and consumer behavior: A review of Al-powered
personalization and market trends. GSC Online Press. https://doi.org/10.30574/gscarr.2024.18.3.0090

Nisreen Ameen, Ali Tarhini, Alexander Reppel, Amitabh Anand (2021). Customer experiences in the age of artificial
intelligence. Elsevier BV. https://doi.org/10.1016/j.chb.2020.106548

Pooja Mehta, Charles Jebarajakirthy, Haroon Igbal Maseeh, Anubha Anubha, Raiswa Saha, Komal Dhanda (2022).
Artificial intelligence in marketing: A meta-analytic review. Wiley. https://doi.org/10.1002/mar.21716

R. K. Jain, Ajay Kumar (2024). Artificial Intelligence in Marketing: Two Decades Review. SAGE Publications.
https://doi.org/10.1177/09711023241272308

Rohit Bhagat, V. S. Chauhan, P. Bhagat (2022). Investigating the impact of artificial intelligence on consumer’s purchase
intention in e-retailing. Emerald. https://doi.org/10.1108/fs-10-20210218

Ruchika Jain, Naval Garg, Shikha N. Khera (2022). Adoption of AI-Enabled Tools in Social Development Organizations
in India: An Extension of UTAUT Model. Frontiers Media SA. https://doi.org/10.3389/fpsyg.2022.893691

Sandra Maria Correia Loureiro, Jano Jiménez-Barreto, Ricardo Godinho Bilro, Jaime Romero

(2023). Me and my Al: Exploring the effects of consumer self-construal and Al-based experience on avoiding similarity
and willingness to pay. Wiley. https://doi.org/10.1002/mar.21913

Sean Sands, Colin Campbell, Kirk Plangger, Carla Ferraro (2022). Unreal influence: leveraging Al in influencer marketing.
Emerald. https://doi.org/10.1108/ejm-12-2019-0949

Sodiq Odetunde Babatunde, Opeyemi Abayomi Odejide, Tolulope Esther Edunjobi, Damilola Oluwaseun Ogundipe
(2024). THE ROLE OF AI IN MARKETING PERSONALIZATION: A THEORETICAL EXPLORATION OF
CONSUMER ENGAGEMENT STRATEGIES.

Fair East Publishers. https://doi.org/10.51594/ijmer.v6i3.964

Van Kien Pham, Thuy Dung Pham Thi, Nam Tien Duong (2024). A Study on Information Search

Behavior Using Al-Powered Engines: Evidence From Chatbots on Online Shopping Platforms. SAGE Publications.
https://doi.org/10.1177/21582440241300007

Waymond Rodgers, Tam Nguyen (2022). Advertising Benefits from Ethical Artificial Intelligence Algorithmic Purchase
Decision Pathways. Springer Science and Business Media LLC. https://doi.org/10.1007/s10551-022-05048-7

Wenxin Wang, Chen Zhiguang, Jiwei Kuang (2025). Artificial Intelligence-Driven Recommendations and Functional Food
Purchases: Understanding Consumer Decision-

Making. MDPI AG. https://doi.org/10.3390/f00ds14060976

Yan Xu, Huam Hon Tat, Abu Barkar Sade (2024). A Literature Analysis on the Relationship between

Al Influencers’ Perceived Credibility and Purchase Intention: Product-Endorser Fit with the Brand as a Moderator. Human
Resources Management Academic Research Society

(HRMARS). https://doi.org/10.6007/ijarbss/v14-13/21092

Yupeng Mou, Tianjie Xu, Yanghong Hu (2023). Uniqueness neglect on consumer resistance to Al.

Emerald. https://doi.org/10.1108/mip-11-2022-0505

Yupeng Mou, Yixuan Gong, Zhihua Ding (2024). Complement or substitute? A study of the impact of artificial intelligence
on consumers’ resistance. Emerald. https://doi.org/10.1108/mip-04-

2023-0187 nan (2024). A Review Study on Impact of Artificial Intelligence on Marketing. Indospace Publications.
https://doi.org/10.55041/ijsrem34027

Artificial Intelligence Research and Applied Learning | AIRA
https://journal.dinamikapublika.id/index.php/aira

14



https://journal.dinamikapublika.id/index.php/aira

e\ Vol. 2, No. 1, January 2023
AIRA AIRA: Artificial Intelhgenpe Resea'rch
ARTIFICIAL INTELLIGENCE RESEARCH and Applied Learning
AND APPLIED LEARNING https://journal.dinamikapublika.id/index.php/aira

Stefana Pop, Corina Pelau, Ioana Ciofu, Giulia Kondort (2023). Factors Predicting Consumer-Al Interactions. Editura ASE.
https://doi.org/10.24818/basiq/2023/09/068Ingriana, A. (2025). THE INFLUENCE OF E-TRUST ON CONSUMER
PURCHASING BEHAVIOR IN E-COMMERCE. 1(3). https:/journal.dinamikapublika.id/index.php/Jumder

Ingriana, A., Chondro, J., & Rolando, B. (2024). TRANSFORMASI DIGITAL MODEL BISNIS KREATIF: PERAN
SENTRAL E-COMMERCE DAN INOVASI TEKNOLOGI DI INDONESIA (Vol. 1, Issue 1).
https://journal.dinamikapublika.id/index.php/ JUMDER

Ingriana, A., Gianina Prajitno, G., & Rolando, B. (2024). THE UTILIZATION OF AI AND BIG DATA TECHNOLOGY FOR
OPTIMIZING DIGITAL MARKETING STRATEGIES (Vol. 1, Issue 1).
https://journal.dinamikapublika.id/index.php/IJEBS

Judijanto, L., Rolando, B., & others. (2024). APPROACHES TO PERFORMANCE MANAGEMENT IN MODERN
ORGANISATIONS. INTERNATIONAL JOURNAL OF FINANCIAL ECONOMICS, 1(3), 755-764.

Mabha, V. A., Derian Hartono, S., Prajitno, G. G., & Hartanti, R. (2024). E-COMMERCE LOKAL VS GLOBAL: ANALISIS
MODEL BISNIS DAN PREFERENSI KONSUMEN (Vol. 1, Issue 1).
https://journal.dinamikapublika.id/index.php/Jumder

Mulyono, H., Hartanti, R., & Rolando, B. (2024). SUARA KONSUMEN DI ERA DIGITAL: BAGAIMANA REVIEW
ONLINE MEMBENTUK PERILAKU KONSUMEN DIGITAL (Vol. 1, Issue D).
https://journal.dinamikapublika.id/index.php/JUMDER

Mulyono, H., Ingriana, A., & Hartanti, R. (2024). PERSUASIVE COMMUNICATION IN CONTEMPORARY
MARKETING: EFFECTIVE APPROACHES AND BUSINESS RESULTS (Vol. 1, [Issue 1).
https://journal.dinamikapublika.id/index.php/IJEBS

Putri, L. W. B., & Setiawan, B. L. T. (2025). ANALYZING THE STRATEGIC CONTRIBUTION OF SOCIAL MEDIA
INFLUENCERS TO E-COMMERCE MARKETING EFFECTIVENESS. 1(2).
https://journal.dinamikapublika.id/index.php/Jumder

Rahardja, B. V., Rolando, B., Chondro, J., & Laurensia, M. (2024). MENDORONG PERTUMBUHAN E-COMMERCE:
PENGARUH PEMASARAN MEDIA SOSIAL TERHADAP KINERJA PENJUALAN (Vol. 1, Issue 1).
https://journal.dinamikapublika.id/index.php/JUMDER

Rolando, B. (2024). CULTURAL ADAPTATION AND AUTOMATED SYSTEMS IN E-COMMERCE COPYWRITING:
OPTIMIZING CONVERSION RATES IN THE INDONESIAN MARKET (Vol. 1, Issue 1).
https://journal.dinamikapublika.id/index.php/IJEBS

Rolando, B., Chandra, C. K., & Widjaja, A. F. (2025). TECHNOLOGICAL ADVANCEMENTS AS KEY DRIVERS IN THE
TRANSFORMATION OF MODERN E-COMMERCE ECOSYSTEMS. 1(2).
https://journal.dinamikapublika.id/index.php/Jumder

Rolando, B., & Ingriana, A. (2024). SUSTAINABLE BUSINESS MODELS IN THE GREEN ENERGY SECTOR:
CREATING GREEN JOBS THROUGH RENEWABLE ENERGY TECHNOLOGY INNOVATION (Vol. 1, Issue 1).
https://journal.dinamikapublika.id/index.php/IJEBS

Rolando, B., Mulyono, H., Hartanti, R., & Ingriana, A. 1. (2024). Exploring The Theory Of Financial Innovation In The
Context Of Industry 4.0. Management, Economics, Trade, and Accounting Journal (META-JOURNAL), 1(4), 147—
158.

Rolando, B., & Sunara, N. T. (2024). Social Media Marketing’s Effect on Purchase Intentions for Puma: Mediation by
Brand Image, Awareness, and Equity. Journal of Business and Economics Research (JBE), 5(3), 340-351.

Tan, D. M., & Alexia, K. R. (2025). THE INFLUENCE OF TIKTOK AFFILIATE CONTENT QUALITY AND
CREDIBILITY ON PURCHASE DECISIONS VIA THE YELLOW BASKET FEATURE. 1(2).
https://journal.dinamikapublika.id/index.php/Jumder

Tanuwijaya, M., Mulyono, H., Purnama, B., & Rolando, B. (2024). Pengaruh Kompensasi, Motivasi dan Disiplin Kerja
Terhadap Kepuasan Kerja Karyawan. Journal of Trends Economics and Accounting Research, 4(4), 956-967.

Widjaja, A. F. (2025). FACTORS INFLUENCING PURCHASE INTENTION IN E-COMMERCE: AN ANALYSIS OF
BRAND IMAGE, PRODUCT QUALITY, AND PRICE. 1(3). https://journal.dinamikapublika.id/index.php/Jumder

Wigayha, C. K., Rolando, B., & Wijaya, A. J. (2024). PELUANG BISNIS DALAM INDUSTRI HIJAU DAN ENERGI
TERBARUKAN (Vol. 1, Issue 1). https://journal.dinamikapublika.id/index.php/Jumder

Wigayha, C. K., Rolando, B., & Wijaya, A. J. (2025). A DEMOGRAPHIC ANALYSIS OF CONSUMER BEHAVIORAL
PATTERNS ON DIGITAL E-COMMERCE PLATFORMS. 1(2). https://journal.dinamikapublika.id/index.php/Jumder




Volume 2 Issue 1 (2023)

AI-POWERED PRODUCT RECOMMENDATIONS AND THEIR ROLE IN STIMULATING IMPULSE
BUYING AMONG ONLINE SHOPPERS
Author

Wijaya, F., Mulyono, H., Utami, F. N., & Rolando, B. (2024). Pengaruh Kualitas Pelayanan, Harga, dan Kepuasan
Pelanggan Terhadap Loyalitas Pelanggan Motor. Journal of Trends Economics and Accounting Research, 4(4), 976—
984.

Winata, V., & Arma, O. (2025). ANALYZING THE EFFECT OF E-WALLET USABILITY ON CUSTOMER RETENTION
IN MOBILE PAYMENT APPS. 1(2). https://journal.dinamikapublika.id/index.php/Jumder

Zahran, A. M. (2025). THE IMPACT OF MARKETING STRATEGIES ON THE SUCCESS OF THE FAST FASHION
INDUSTRY: A SYSTEMATIC REVIEW. 1(3). https://journal.dinamikapublika.id/index.php/Jumder

16 Artificial Intelligence Research and Applied Learning | AIRA
https://journal.dinamikapublika.id/index.php/aira



https://journal.dinamikapublika.id/index.php/aira

	1. INTRODUCTION
	2. RESEARCH METHOD
	PI = α + β1C + β2SP + β3I + β4V + β5L + ε
	n = Z²₁₋α/₂ * p * (1 - p) / d²
	Table 1. Operational Definitions of Variables

	3. RESULTS AND DISCUSSION
	3.1 Results
	Table 2. Respondent Criteria
	Table 3. Validity Test
	PI = α + β1C + β2SP + β3I + β4V + β5L + ε
	3.2 Discussion



	4. CONCLUSION

